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Abstract: As model parameters surpass the trillion-scale mark, intelligent computing interconnection faces technical
challenges including ultra-large-scale networking, low-latency communication, and high-bandwidth synchronization
multidimensional evaluation. The framework incorporating key metrics such as throughput, latency, and scaling ratio
was established, the distinctive requirements of three major application scenarios: large-scale model training, Al infer-
ence, and edge computing, were analyzed. Through comparative analysis of solutions from leading technology enter-
prises, innovative practices were summarized including CLOS architecture and Fat-Tree topology, with discussions fo-
cused on critical technologies like interconnection protocols, network topologies, and congestion control. Future de-
velopment directions such as open protocols and optoelectronic integration were also outlined. The findings demon-
strate that continuous innovation in intelligent computing interconnection technologies will provide crucial infrastruc-
ture support for Al development.
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